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Input: A(Adjacency matrix from Graph)

N(The Number of Community)= ComputeN

     for Number of community detection method do

while (Can change initialization parameter) do

ECD+:=run(community detection method)

end while

if(Can change final state community detection method) then

ECD+:=run(community detection method)

end if
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end if

end for

ECD: Ensemble members of Community Detection methods

/*Each column show one result of community detection method*/

Co.assosiation matrix:=run(Consensus function)

C:=run(Hierarchical clustering method)

Output:C(Final community detection result)



         � ���$ �%��&

'()�* �
��
�

     +�
�&

�
��
�,*
��
")��- .��

      � 
�����
�


� /�
0
1�	�� �
��
� ��(2�

�I���(,&� ���PH �- �56

�����	 �
�
���� ����	�
�
���� ��(4	 ����	

Input: A(Adjacency matrix from Graph)

for (Number of base community detection method) do

NECD+:=Number Of Community(run(community detection method))

end for

NECD: Number of Community in Ensemble community Detection methods

NECD:=Refine(NECD)

N:=Avg(NECD)
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N:=Avg(NECD)

Output:N(Final community number)
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